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Tarn  User Text Label

N -3 A “Proper use of an editor’s his-
tory includes fixing errors or A P 9 8 11 P SR
violations of Wikipedia pol- %%ﬂﬁﬁgﬁﬁﬁ&éﬁﬁﬁﬂ
icy or correcting related prob- %i}ﬂ%ngzﬁiﬂqj Hy
lems on multiple articles.”

N -2 B “It’s very clear that you just
go to my contributions list
and look to see what biogra- ;%;giggi%i\;ﬁi’]g*g
phy articles I've worked on, S wazg%w;eéég
then you go and look to see if BRI
you can find something wrong
with them. "

N -1 A “So, what is wrong with fixing W4, NG RA 4 5 2
things? At the top of my talk FEFRRAE DU AT, b
page, it says to keep it on your SEELCTINER WS A
watchlist. " s

N B “You cannot possibly be too ?

stupid to understand the warn-
ing I'm giving you. I'm not
going to repeat it."

PRANH] e -8 3 B AN B A
RES . MATHER T .

Table 1: A sample conversation from the Conversation
Gone Awry (CGA) dataset showing a sequence of text
utterances that end with a verbal abuse. Given the con-
versation context up to N — 1 turns, the task is to predict
whether turn NV will be a respectful or offensive state-
ment prior to it being presented leading to derailment
(it is offensive, in this case).
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We propose a novel model based on a graph
convolutional neural network, the Forecasting Graph
Convolutional Network (FGCN), that captures dialogue
user dynamics and public perception of conversation
utterances.

We perform an extensive empirical evalua tion of FGCN
that shows it outperforms the state-of-the-art models
on the GCA and CMV benchmark datasets by 1.5% and
1.7%, re spectively.
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Sequential encoding User dynamic encoding Classification
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Figure 2: The FGCN model architecture.
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Graph Construction

Sequential encoding User dynamic encoding Classification
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User to user relationship edge construction
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______ S f.(!_uential encf)_ding User dynamic encoding Classification

P I H &:13 ! f

% — H! HI
% Q@ ==-@ - - i U; = g‘( E : E : r u;_.l + o Wo uz):
o (tg —(eeRmse ~(th té - tY 2 A 1.
- - - 4 x Gen | 76 / : r ’
;:: ty — BERTSC -t} \"/ )\ "/ ?'s TERJENT
' | Y 1 &Y " -

= @ EE-Q o\ @ >y © " g ’ ’
............ O o t; = o E E —LW, t; + aiiWot;)

Uy - BHLSTM — uj ' . Q T
= i r !
£ ‘*“‘”*‘, s B - rER jEN]
D 9= @ P @/ : Cij i
; Om-9 | @ o s; =0(> ) —LWes;+iWys;)
s @ =@ o @ @ P @ J

C.
reRjeNr "

u; = c}'( Z WH; + ai; Wo u;),

Public score Layer
©»
W
e
sk
4 .
- @
£
4 ’S’L
W ] /
3
=4
&
'\)
=

Sy TBHASIMIT 5g , o ieNT

s{? “ 1 ’ 85 o " j E ]
S5 BisM 5L \B-LJ&—.Q:} A \@*\\sév/ Sy 3
S BHSTM - s¢ rr

g = o( Z ij + a; Wi t;)
Forecasting Derailment JENT

! I I I I I H r rr
9i = [t ugs sis i w85 ] s; =0 E Ws; +a;iWys;)
/ GENT
C =l[g1,92---, gN-1]



@ Changaing Lhiversity e
) d Techndlogy

Advanced Technique of
Artificial Intelligence

Dataset Input Train Val Test
t u s

CGA v v X 2508 840 840
CMV v v v 4106 1368 1368

Table 2: Statistics of the datasets. £ denotes text input,
u denotes user ID input and s denotes public perception

score input. All splits are balanced between the two
classes.
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CGA CMV
TRANING MODEL Acc P R F1 Acc P R F1

CRAFT 64.4 62.7 71.7 66.9 60.5 57.5 81.3 67.3

O BERT-SC 64.7 61.5 79.4 69.3 62.0 58.6 82.8 68.5

E FGCN-T 66.4 63.0 79.5 70.3 62.9 59.2 83.0 69.1

; FGCN-TU 66.9 63.3 80.2 70.8 63.2 59.5 83.0 69.3
FGCN-TS - E E - 64.2 60.3 83.2 69.9
FGCN-TSU 2 E E - 64.7 60.7 83.3 70.2

BERT-SC+ 643 612 789 688 | 565 560 732  6l.7

O | FGCN-T+ 657 622 797 699 | 62.1 585 820 683

E FGCN-TU+ 65.9 62.4 80.2 70.2 62.7 58.8 82.7 68.8

E FGCN-TS+ : : : - 62.9 59.2 82.9 69.1

= FGCN-TSU+ : : : - 63.5 59.7 83.1 69.5

Table 3: Experimental results for forecasting conversation derailment. Best F1-score are in bold.
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Forecast horizon

Figure 4: Forecast horizon on the CGA dataset with a model drawn at random from among the 10 available ones. A
horizon of 1 means that an upcoming derailment was only predicted on the last turn before it occurred.



o ATAI
@ Chmgqlng thersty Advanced Technique of

of Technology Atificial Intelligence
Experiments
CGA CMYV
CRAFT 2.36 4.01
BERT-SC 2.60 3.90
BERT-SC+ 2.85 4.06
FGCN-T 2.73 4.03
FGCN-T+ 2.96 4.12

Table 4: Experimental results of mean forecast horizon
(H).The best result is shown 1n bold whereas the second
best result has been underlined.



(5) Chongging Lhiversity Qv!ngleedwnique o

&/ of Tech nology Artificial Intelligence

Thank you!



	幻灯片 1
	幻灯片 2
	幻灯片 3: Introduction
	幻灯片 4: Method
	幻灯片 5: Method
	幻灯片 6: Method
	幻灯片 7: Method
	幻灯片 8: Experiments
	幻灯片 9: Experiments
	幻灯片 10: Experiments
	幻灯片 11: Experiments
	幻灯片 12

